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Article Info ABSTRACT

i . The Domestic Worker Protection Bill (RUU PPRT) has been a critical issue in
Article history: Indonesia, yet its legislative process has stagnated for two decades, leading to
Accepted, 26 December 2025 intense public discourse. This study aims to analyze the sentiment and narrative
dynamics of RUU PPRT news coverage in online media, as well as the media's
role 1n shaping public opiion. Employing a Text Mining and Lexicon-Based
Sentiment Analysis approach, enhanced with adaptations for the Indonesian
lexicon, this research analyzes 387 news articles from three prominent online
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1. INTRODUCTION

Domestic workers (PRT) in Indonesia are among the most vulnerable labor groups, frequently enduring
exploitation, violence, and a severe lack of legal protection. Millions of PRT operate without adequate legal
frameworks, rendering them susceptible to various human rights violations. This precarious situation leads many
PRT to feel devoid of rights, akin to being "slaves" unable to free themselves[1]. The urgency of this issue is
underscored by alarming statistics: the National Network for Domestic Advocacy (JALA PRT) reported 3,308
cases of violence against domestic workers from 2021 to February 2024 [2], while National Commission on
Violence Against Women documented a continuous increase, reaching 2,344 cases from 2005 to 2022. [3].
These injustices encompass unfair wages, exploitative working hours, lack of social security, and both verbal and
physical abuse from employers, exacerbated by the absence of specific protective legal regulations.

Despite their significant, albeit indirect, economic contribution to both household and national
economies[4], PRT remain marginalized. This aligns with Nancy Fraser's (2016) analysis in Contradictions of
Capital and Care, where capitalism's dichotomy between production and reproductive work often positions
women, particularly in the informal sector like domestic work, in subordinate, unrecognized, and unprotected
roles, making them vulnerable to exploitation [5]. The root cause of this systemic violence against female and
child domestic workers 1s the Rechtvacum a regulatory void concerning their legal protection in Indonesia. Under
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the existing Labor Law, the domestic worker profession is not recognized, leaving them without legal safeguards,
decent working conditions, social security, or labor rights [6].

The Domestic Worker Protection Bill (RUU PPRT) was mitiated as a crucial legislative effort to rectify
this, aiming to guarantee rights and improve working conditions for PRT. However, compared to other bills, the
RUU PPRT has faced an unprecedented 24-year legislative stagnation, enduring four changes in the House of
Representatives (DPR) periods without ratification [7]. This prolonged debate has triggered significant responses
from civil society, the public, and mass media. In this protracted socio-political context, mass media plays a vital
role as an agent of public communication, shaping public opinion and influencing policy direction [8]. A careful
analysis of media reports can reveal how the RUU PPRT issue is framed and the dominant sentiment in public
narratives, as media can frame issues positively, neutrally, or negatively, significantly impacting public perception
and policymaking [9].

Sentiment analysis, an information mining technique, automatically processes textual data to identfy an

author's viewpoint, typically categorizing it as positive, negative, or neutral [10][11]. This approach is crucial for
understanding how the RUU PPRT narrative 1s formed, disseminated, and received by the public, especially in
the digital era where online media's accessibility greatly influences perception. Natural Language Processing
(NLP), a branch of artificial intelligence, enables computers to process, understand, and classify text [12]. While
rarious studies have analyzed public policy and media reporting on the RUU PPRT using qualitative and
quantitative methods, research employing explicit text mining, particularly methods like Latent Semantic Analysis
(LSA), to analyze the RUU PPRT discourse remains minimal [13].
From a computational and applied-mathematics perspective, systematic sentiment quantification over large-scale
longitudinal corpora requires formal weighting models and polarity aggregation functions that enable
reproducible and scalable discourse measurement. Integrating TF-IDF term weighting with lexicon-based
sentiment scoring provides a mathematical representation of discourse salience and polarity, allowing consistent
comparison of narrative dynamics across time and heterogeneous media sources.

This study aims to fill this gap by applying a computational sentiment-analysis framework on a large-scale
corpus of news articles from 2004 to 2024, tegrating TF-IDF weighting and lexicon-based polarity scoring to
model discourse salience and sentiment dynamics. Our research seeks to: (1) determine the distribution of
sentiment (positive, negative, neutral) in RUU PPRT news coverage across Tempo, Kompas, and VOA News;
(2) analyze the evolution of sentiment dynamics over time and identify key influencing events; and (3) explore
differences in sentiment patterns and narratives among the three media outlets. This analysis 1s expected to
provide both substantive socio-political insights and a replicable computational framework for measuring long-
term policy discourse dynamics, contributing to critical media literacy and evidence-based public policy analysis.

2. RESEARCH METHOD

This study seeks to provide a better picture of media reporting to the online masses from 2004 to 2024.
The researcher uses a text mining approach to answer the above problem by identifying the main topics that
developed from the discourse of the PPRT Bill. Youthfulness maps the leading actors that emerge reported by
the media and relates the relationship between various elements in the special news about the PPRT Bill. Next,
measure sentiment tendencies (positive, negative, or neutral) in the news of the PPRT Bill.
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Figure 1. Research Stages

The stages of this research are shown in Figure 1. The following 1s a description of the stages in the study
that has been carried out: Data Collection. The data used in this study consists of online news articles discussing
the Domestic Worker Protection Bill (RUU PPRT). These articles were collected from three leading online
media outlets in Indonesia: Tempo (tempo.co), Kompas (kompas.com), and VOA News (voaindonesia.com).
The selection of these three media was based on their reputation as credible news sources with a broad readership
in Indonesia. The data collection timeframe spans from January 2004 to December 2024, covering the entire
duration of the RUU PPRT discussion to date and consist to 390 news articles.
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Figure 2. Data Scraping Stages

Figure 2 shows the stages of data scraping. Web Scraping allows authors to quickly and easily retrieve many
news articles, facilitating more in-depth investigation and analysis of data [14]. The data in this study was obtained
by using the web scraping method to collect news articles from Tempo, kompas.com, detik.com, between news,
and VOA Indonesia. Research conducted by Ahmed [15] states that the web scraping method is proven effective
in collecting structured text data for scientific analysis.

The first 1s to access the three online mass media websites to get all news related to the PPRT Bill (RUU
PPRT) from 2004 to 2024. This data is the primary source of news related to the PPRT Bill. This stage aims to
identify and collect URLs and relevant news. Furthermore, Data Scraping is carried out using scraping tools. This
is done to prepare the working environment required in the data scraping process. Then, the news scraping of
the PPRT Bill is carried out, using a web scraping process to automatically retrieve all news from the required
online media web pages. The data collected from each three online media includes title, date, year of publication,
news content, and URL link. After the data is collected, data labelling is carried out to classify news according to
its category, such as based on sentiments, topics, or attitudes towards the PPRT Bill. The total scraping data
obtained was 445 news articles. Then, pre-processing was done to remove duplicate data from 3 online mass
media outlets and convert it into 387 news articles.

Table 1. Dataset Classification

Article (s) Number (s)
Positive 225
Negative 121
Neutral 41
Total 387

The table above shows the classification, visualization was carried out to see how much the difference in
sentiment for each article from the three media was obtained.

2.1 Text Pre-Processing

Text pre-processing is one of the critical stages in sentiment analysis [16]. This process is carried out to
eliminate noise in the data. First, duplicate news is removed to improve the validity of the dataset. The second 1s
lowercase, which aims to convert text data to lowercase letters and eliminate characters other than the letters a to
z. Then, the third step is to remove punctuation and spacing in news content data, and the fourth step is
tokenization. This stage also omits certain characters, such as punctuation marks, and filters by text length [17].
To get appropriate and meaningful words that are further processed in classification, filtering using stop wards
(eliminating unimportant/meaningless words) is necessary. Stop ward removal and tokenization were the pre-
processing techniques used in the system, along with TF-IDF as the vectorization technique [18]. In this study,
TF-IDF is employed not as a supervised classification algorithm, but as a term-weighting and salience
representation technique. References to Support Vector Machine (SVM) are omitted, as sentiment classification
1s lexicon-based. From this stop word stage, sentiment analysis will be carried out to focus on words that have
mmportant meanings. And the process continues with stemming, which changes the word nto the form of the
root word. From this process, a word cloud will be generated. To classify data, it is necessary to transform it [19]
mto a form that a computer can process. Weighting or giving values is carried out to carry out a transformation.
In previous research using the SVM method, TF-IDF was the weighting that produced the best accuracy [20].
TF-IDF, an algorithm used in NLP, assesses the significance of a term within a document compared to a larger
corpus of documents [21]. In this research, weighting is carried out using TF-IDF, which transforms words into
vector form to be processed using the Support Vector Machine method. The TF-IDF steps and formula are
below [14], [22].
Step 1: Tokenization
Text was tokenized using Python's NL'TK library with unigram segmentation.
Step 2: Data Cleaning
Stop words, and irrelevant symbols were removed to ensure clean data.
Step 3: Lemmatization
Words were normalized to their root forms (e.g., “running” and “ran” became “run”).
Step 4: Word Frequency Counting
Words occurring fewer than five times were excluded from analysis.
Step 5: Constructing a Term-Document Matrix (TDM)
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A term document matrix was built using TF-IDF weighting as shown in Equation (1).

TF — IDF = TF(t;,d;) % log(%) (1

Where t_(1) 1s the ith term; d_i represents the jth document; N is the total number of all documents; N
(t_(@1)) denotes the number of documents which contain t_(1) features.

The sentiment lexicon was developed through a corpus-driven qualitative procedure. Lexical candidates
were 1dentified by repeatedly reading and mapping frequently occurring evaluative expressions in RUU PPRT
news articles. Each term was then examined within its surrounding textual context to ensure consistent polarity
orientation (positive, negative, or neutral) in public policy discourse. Only terms that appeared recurrently across
different news sources and demonstrated stable contextual meaning were retained in the final lexicon. This
contextual validation procedure ensures that the lexicon reflects discourse-specific sentiment expressions rather
than general-purpose affective words.

After pre-processing, the process continues with the use of a lexicon.
We use a lexicon model to analyze the sentiment, and the detailed steps are shown as follows.

S(d) = Zi — INL(wi) @)

Where each token’s polarity L(wi) L(w_i) 1s +1 for positive words, -1 for negative words, and 0 otherwise.

The final label Y(d)Y(d) follows:
Y(d) = {positive,S(d) > 0 [4pt]negative,S(d) < 0 [4pt]neutral,S(d) =0

Where,
d: the preprocessed document (list of tokens).
w_1:the 1th token in d,with 1=1,2,...,N.
N: total number of tokens in d.
L(w): lexicon mapping
+1 1if w belongs to the positive list
-1 if w belongs to the negative list

0 otherwise [23][24]

2.2 Sentiment Labelling
The sentiment labelling approach utilises a lexicon-based method, where each word in a document is
assigned a polarity score according to its presence in predefined positive, negative, or neutral lists. The overall
sentiment of the document 1s determined by summing these scores, resulting in a positive, negative, or neutral
classification. This method enables systematic and automated sentiment analysis tailored to the specific contextual
vocabulary.
Table 2. Sentiment Analysis

Sentiment ‘Words Included
Category
Positive Words ~ Protect, agree, support, fair, important, recognized, benefit, worthy, struggle, discuss,
legal, propose, approve, form, urge
Negative Reject, ignore, problem, threat, violate, bad, no, discrimination, exploitation, violence,
Words delay, hold, valid, harsh, disappointed, cancel, fail, condemn
Neutral Words  All other words not included in the positive or negative lists

The table presents the lexicon used for the automatic sentiment analysis. Words are grouped into three categories
based on their predefined polarity: positive, negative, and neutral. The positive and negative lists contain
Indonesian terms that explicitly express supportive or critical sentiment within the context of the analysis. Any
word not included in these two lists is treated as neutral and does not contribute to the sentiment score. This
lexicon serves as the foundation for the rule-based scoring system, where each positive word contributes +1, each
negative word contributes -1, and neutral words contribute 0 to the final sentiment classification.
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3. RESULT AND ANALYSIS

The debate on the ratification of the PPRT Bill contained various responses from both the public, observers
of social movements, and the legislature. This polemic has become widely discussed in the news because it
concerns the issue of most citizens working without guarantees and clear legal protection. This problem 1s
increasingly in the spotlight when the discourse on adopting the PPRT Bill is not immediately passed, as the
process 1is over 20 years old. The media is one of the information funnels for the public to explore the dynamics
and developments of the ratification of the PPRT Bill. In addition, the media 1s also a control tool for the House
of Representatives and the legislature to see how the response of domestic workers and the public is regarding
the slow process of ratification of the PPRT Bill. Many cases occurred, demonstrations for the immediate passage
of the PPRT Bill, and several other strong reasons that should encourage the ratification of this bill. In the
information era like today, all forms of media speed in providing information in the form of news seem to be a
necessity. The press is the main portal in terms of news in the mass media [25]. The media has a responsibility
in serving public information. However, sometimes less interesting issues such as the ratification of the PPRT
Bill are not newsworthy [7].

An analysis of 387 news articles related to the RUU PPRT demonstrates that the majority of coverage
exhibits a positive sentiment, with 225 articles (58.19%) falling into this category. In comparison, negative sentiment
1s present in 121 articles (31.3%), representing approximately half the proportion of positive articles. Meanwhile,
neutral sentiment is observed in just 41 articles (10.6%), making it the smallest segment within the corpus. This
distribution suggests that news reporting on the RUU PPRT tends to be predominantly positive, with less frequent
negative and neutral perspectives. This distribution indicates that the majority of news coverage tends to have a
positive sentiment towards the RUU PPRT. The proportion of negative sentiment 1s approximately half of the
positive sentiment, while neutral sentiment constitutes the smallest portion of the overall corpus.

Twenty years have passed, but until now, during the new presidential administration, the PPRT Bill has not
progressed to the PPRT Law. The media continues highlighting this topic, and civil society voices its
endorsement. Several press reports have continuously reported this issue over the past few years. In this study,
387 news articles were collected during the pre-processing stage. From these 387 online media news articles, we
can see how the sentiment of the PPRT Bill news analysis has been so far.

Sentiment Distribution PPRT Bill Article

150

100

Number of news articles

0

Positive Neutral Negative

Figure 3. Sentiment Distribution News Article

Figure 3 shows about 387 news articles on the PPRT Bill from 3 online news media, Kompas.com. In
Tempo and VOA news, 274 had positive sentiment shown in blue, 86 had negative sentiment shown in green,
and orange with a score of 33 had neutral sentiment.Judging from the sentiment analysis of media reports about
the PPRT Bill, the majority shows positive sentiment. This led to the ratification of the PPRT Bill, which received
much support to be passed immediately.

The amount of positive sentiment towards the discourse on the PPRT Bill news will show how the
distribution of sentiment analysis is based on the media.

Distribution of sentiment by Media
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Figure 4. Sentiment distribution based on media
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Based on Figure 5, we can see from the three online media that the number of news articles with positive,
neutral, or negative sentiments appears to be the highest among the three media, Tempo has the most news on
the topic of the PPRT Bill with 267 articles, followed by Kompas with 83 news articles and VOA News with 37
news articles. It shows that all news articles show positive sentiment.

The overall tempo article has 145 news stories with positive sentiments, 35 news with neutral sentiment,
and 87 news with negative sentiment. Tempo 1s the media with the most news reports about the PPRT Bill, with
a dominance of positive sentiment. From this, Tempo actively voiced the urgency of the PPRT Bill. The news
that emerged also highlighted a lot about the encouragement of civil society, or the steps that should be taken by
the House of Representatives and the government.

Kompas also has a relatively large number of news items, with 63 news items having positive sentiment, 3
having neutral sentiment, and 17 having negative sentiment. Meanwhile, VOA between positive and negative
sentiment was obtained from 17 news stories, and neutral sentiment from 3 news stortes. VOA 1s more balanced
between negative and positive news, with a balanced approach and coverage that delivers its news in a two-sided
manner.

The number of news reports and the media's attitude are significant for the primary data. If you look at the
chart above, the tempo 1s very proactive in overseeing the issue of the PPRT Bill. It shows the possibility of
partiality towards domestic workers as a vulnerable group. Meanwhile, Kompas 1s more moderate but still tends
to be positive, and VOS provides more balanced coverage in its news.

Positive sentiment can be in the form of support for the bill's immediate passage, which is reflected in the
encouragement of activists or the dynamics of the legislation process that have occurred to date. Negative
sentiments contain a lot of criticism of the government or the DPR, or the role of political parties, and the increase
n cases of violence against domestic workers.

Distribution of sentiment per year
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Figure 5. Distribution of news per year

The distribution of sentiment analysis per year is shown in Figure 6. The news of the PPRT Bill can be
accessed from 2013 to 2025 from the three Tempo media, Kompas, and VOA news. This is an illustration that
for 13 years, the public has been able to obtain information about the topic of the PPRT Bill in online media.
Researchers found that 2013 from 2024 to 2012, there had been no news of the PPRT Bill in the three media.
This also shows that online media experienced development in 2012. However, from the existing news, we can
see that the discourse from many news articles shows the dynamics and development of the ratification of the
PPRT Bill over the past 2 decades (20 years).

From the news from 2013 to 2025 above, several graphs are significant to note, namely, in 2019, there are
more negative sentiments than positive and neutral sentiments. And in 2023, positive sentiment graphically shows
very high compared to neutral and negative sentiment. The year 2019 showed a surge in negative sentiment, most
likely triggered by the stagnation of the House of Representatives regarding the ratification of the PPRT Bill,
which was proposed for a long time and discussed starting in 2004. Until 2019, it had not been included as a
national priority. Many news reports contain criticism of the House of Representatives because it neglects the
protection of domestic workers. Civil society protests in 2019 occurred many times and urged the House of
Representatives to discuss and pass the PPRT Bill immediately. The media reported the voices of support and
disappointment from activist groups, farmers, and domestic workers themselves.

The year 2023 shows the dominance of positive sentiment. In March 2023, the House of Representatives
officially approved the PPRT Bill as an mitiative bill of the House of Representatives. This 1s a great victory for
the women's and human rights movements. The support of the government and public figures, including
President Jokowi and several ministers, expressed open support. The media also welcomed this as a step forward
for ratifying the protection of informal workers. Third, the press, Kompas, Tempo, and VOA news, contain a
positive narrative by telling the story of domestic workers and the urgency of their legal protection. Media
coverage and narrative are very much in favor of human rights.

Text Mining and News Sentiment Analysis of the PPRT (Domestic Worker Protection) Bill in Three Online News Media From 2004 To 2024 (Kristiyani)



986 O E-ISSN : 2580-5754; P-ISSN : 2580-569X

‘Word Cloud of The PPRT Bill Article
~ bahas ruurapat pﬂ!lpuvna undang _lindung

EREDDEL,

ruu” tanah @ B gdlond =
url? EE dukung a , Inasuu m a
putu masyarakat

s kesah, ruu g atur

ruma W)angga

ndang ang-

mdonesm perempuan mpzs ase( i

Figure 6. Word cloud

lindung prt

nila
2siden

ore

inisiatif dpr

From the data processing, it was found that there were 99753 words. The word cloud visualization above
shows that words such as "bill", "pprt", "protect”, "work", "law", "proposal’, "house", and "ladder" are very dominant.
This shows that the media narrative highlights the importance of regulation and protection and the mastery of
the PPRT Bill. The word protection also indicates that the protection or legal guarantee for domestic workers 1s
an important thing that must be ratified immediately. These dominant words indicate the structural support of
the news discourse on the ratification of the PPRT Bill.

In addition to its descriptive function, the TF-IDF weighted word cloud also provides a computational
salience map that reflects how discourse attention is mathematically concentrated on specific policy dimensions.
By suppressing common but low-informational terms and amplifying issue-specific lexicons, this approach
enables scalable identification of dominant narratives in large-scale media corpora, demonstrating the
applicability of the model beyond manual qualitative (‘oding

The main words that often appear are "bill", "pprt", "protect’, "work”, "law", "proposal’, "house", and "ladder".
The words "work", "house", and "ladder" form the phrase "domestic worker", which is the main subject of the
discourse of the news of the PPRT Bill. The word "pprt," which stands for the protection of domestic workers
and 1s also a word that 1s often used, strengthens the focus of the main issues of media reporting. The words "bill"
and "law" describe how the legal and legislative context is often discussed. And the word "protect” refers to the
bill's primary purpose: providing protection and legal guarantees to domestic workers.

In the socio-political context, the words "leadership” and “plenary" appear. House of Representatives,
Initiatives, debates, and laws. These words represent the legislative process in parliament (DPR), starting from
this initiative to the ratification dynamics over the past 2 decades. These words also show that this issue is in the
Panjang debate, to show how political correctness affects the ratification of the PPRT Bill. The process is initiated
by the House of Representatives to discuss the PPRT Bill at the plenary meeting, and the goal is the law's
ratification. However, the socio-political consequences in the last 20 years have affected the stagnation of
discussions and even the ratification of the PPRT law. Another word in the socio-political context is the president,
Jokowi, Ministers, laws, orders, and the state, which point to the executive, namely the government, in discussing
this bill. The role of the president during his answer period, namely Jokow: and the law ministry, was also in the
spotlight. The executive and legislative dimensions are the basis for whether they support or slow down the bill's
passage.

Another aspect that can be seen is social and gender issues seen from the words "women', "sexual’,
"violence'", "support’, "rights", and "human" that appear. The word gives an overview that emphasizes that most
domestic workers are women and are vulnerable to violence, as evidenced by the many cases experienced by
domestic workers and appearing in the media, as well as reports from the National Commission on Women and
data from domestic workers. Human rights are a moral and legal argument to support this bill. The insistence on
the ratification of the PPRT Bill also aims to protect domestic workers, most of whom are women, from violence
in the domestic realm, both sexual, economic, social, political, physical, and so on.

From a computational perspective, the persistence of gender- and rights-related lexicons across
heterogencous media outlets indicates that the discourse salience patterns are structurally reproduced rather than
outlet-specific, suggesting that the model generalizes well across different editorial environments.

Political issues are also a debate, the words that appear a lot are "party’, "politics’, "camp’, "agree’,
"encourage’, "agree", "action". These words can indicate a political tug-of-war within the party and the faction. The
action word shows how the Civil Society Movement has supported this bill's immediate passage. This bill is closely
related to legal protection, but political dynamics also have an effect, and activism is part of that dynamic.

The words "sigh", "hard", "reaction’, "voice", "push’, and "exciting" indicate how the public's emotions, as well
as the domestic workers themselves and the social movement of the community, began to become frustrated with
the slow process of ratification and class support to be passed immediately. The word cloud above shows that the
passage of the PPRT Bill is a multidimensional issue that touches on legal, gender, political, and human rights
issues. Political dynamics (president, DPR, party, etc.) affect this bill's speed or slower direction. The narrative
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obtained from the three online media coverage also shows a strong social narrative emerging from women's
groups, human rights activists, and public pressure for the House of Representatives to pass the PPRT Bill
immediately. Word cloud and sentiment analysis show that the PPRT Bill news 1s strongly framed by a narrative
about legislation or bills and the protection of domestic workers. The existing dynamics show a common thread
between politics, gender issues, civil society activities, and struggles.

A more comprehensive analysis shows that, in addition to political aspects or dimensions, gender, human
rights, the role of civil society, advocacy actors, and economic factors, there are dimensions of the effect of the
media setting and framing agenda. The function of the mass media setting the agenda is the ability of the mass
media to select and emphasize several topics, causing the public to accept these topics as necessary [26]. Then,
framing analysis 1s used to see how the media constructs reality and the formation of messages or meanings from
the text presented to the audience [27]. This study specifically limited data to online news articles from three
mass media, namely Kompas.com, Tempo.com and VOA News Indonesia. This is because these three media
are known to have a wide reach and a high history of perspective and credibility. Kompas and Tempo are media
that more often contain public policy discourse and VOA News as an international media that has channels in
Indonesia and provides reliable viewpoints. Then various ideologies and framing patterns, such as Kompas with
moderate, Tempo with critical, and VOA with balanced or global. This diversity 1s important to map the dynamics
of the sentiment of the complex PPRT Bill. In addition, these three media outlets have an online news archive
that can be accessed effectively covering the time span needed in this study. Even though the data obtained only
exists from 2013 to 2024 because it 1s known that there 1s no online version on the three media.

From the news distribution in the data, Kompas and Tempo media report more and tend to be positive.
Meanwhile, VOA is more balanced, and this can affect public opinion. The setting of the agenda can be seen
from the news, which emphasizes the urgency of protecting and passing the PPRT Bill, thereby encouraging
public support. Actors who are pro-abortion against the ratification of the PPRT Bill in their narratives also make
their news materials, such as support for figures, research, victim presentations, and data, as a source of public
support. Community movements and policy advocacy also signal the existence of a public campaign. Women's
organizations and NGOs are the main drivers of the push for the ratification of the PPRT Bill. The coalition of
actors, including the media, 1s a capital to increase the effectiveness of cross-sectoral advocacy. The nature of
mass media, which covers society at large and its proximity to people's lives, has a significant influence and makes
it possible to carry out the function of political education [28]. This shows that the presence of three online media
with its news can influence public opinion.

The dynamics of the ratification of the PPRT Bill is a multidimensional issue. Where there are problems
of social and class inequality, gender relations, political battles, human rights struggles, economic injustice and
also how the media and civil society have a big role. This PPRT Bill is not only a regulation that is encouraged
to be passed immediately, but with the encouragement of this ratification it becomes a symbol of how the struggle
for recognition of domestic work 1s being waged. In addition, it 1s also protection for vulnerable groups and the
renewal of power relations in the personal and national realms. Word cloud from the results of the news above
shows that the public narrative 1s moving towards stronger support. However, political realization and its
ratification depend on legislators and power dynamics. The analysis of the above sentiment and the dynamics of
news coverage of 387 articles of the PPRT Bill during the period 2004-2024 has successfully implemented and
answered the research objectives described. First, the findings of sentiment polarity showed the dominance of
aggregate positive sentiment (58.1%), indicating a strong push from the three national online media to support
the ratification of the PPRT Bill. Second, the analysis of media coverage patterns identified Tempo as the most
active media, confirming that these three major media acted as strong agenda-setting agents in this policy 1ssue.
Third, the mapping of sentiment trends chronologically managed to highlight a direct correlation between the
peak of negative sentiment spikes in 2019 and positive in 2023 with critical moments in the legislation process.
These overall findings not only gauge sentiment, but also confirm the effectiveness of Text Mining in revealing
the complex dynamics between the media and public policy, leading to the implication that mass media support
1s crucial for efforts to accelerate domestic worker protection in Indonesia.

The dominance of positive sentiment (58.19) in the overall PPRT Bill news coverage indicates strong media
support for the ratification of this bill. This aligns with the urgency of PRT protection that has long been voiced
by various civil society elements. The peak of negative sentiment in 2019 can be interpreted as a reflection of
public and activist disappointment with the slow legislative progress of the PPRT Bill during that period, especially
considering the political momentum after the general election. Conversely, the surge in positive sentiment in
2023 1s likely related to the designation of the PPRT Bill as a House of Representatives' initiative bill, which
offered new hope for its accelerated approval. This dynamic demonstrates that media actively responds to and
shapes narratives surrounding the political developments of the PPRT Bill."

Differences in sentiment distribution across media also provide important insights. Kompas, with the
highest proportion of positive sentiment (75.9%), appears to take a more proactive role in supporting the RUU
PPRT. Meanwhile, VOA News shows a balance of positive and negative sentiment, which may reflect an effort
to present a more balanced perspective or report various viewpoints from pro and contra parties. Tempo, as the
most active media, shows dominant positive sentiment but with a significant negative portion, indicating broader
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and possibly more critical coverage of various aspects of the bill's discussion. These findings underscore the
media's role as an agent of advocacy and opinion-shaper, where each media outlet may have different editorial
tendencies in framing socio-political issues. This cross-media consistency highlights the scalability of the proposed
TF-IDF-lexicon framework, which can be directly extended to larger national or cross-country corpora without
altering its mathematical structure.

Theoretically, this study enriches the literature on the application of Text Mining and sentiment analysis in
the context of protracted legislative issues in developing countries. Practically, these findings can serve as input
for policymakers, PRT activists, and civil society organizations to understand how the RUU PPRT is framed in
the media, identify critical periods for advocacy intervention, and design more effective communication strategies.
Understanding media sentiment can also help mitigate negative narratives and strengthen public support for the
PPRT Bill

Opverall, the integration of TF-IDF weighting and lexicon-based sentiment scoring constitutes a reproducible
applied-computational framework for longitudinal policy discourse analysis. Beyond the PPRT Bill case, this
framework can be utilized to map discourse salience, sentiment concentration, and narrative shifts in other
prolonged public-policy debates.

Although this research provides a comprehensive understanding, it 1s important to acknowledge several
Limitations. First, lexicon-based sentiment analysis, despite being adapted, has inherent limitations in capturing
complex sentiment nuances, sarcasm, or specific cultural contexts in Indonesian. Lexicons may not always cover
all sentiment expressions that arise or may misclassify words with multiple meanings. Second, the data corpus 1s
limited to three online media outlets and may not fully represent the entire spectrum of media coverage in
Indonesia. Potential biases in media selection or the reporting focus of each media can mfluence overall
sentiment results. Third, this study does not explicitly analyze in-depth external factors that might influence
sentiment, such as social media campaigns or politicians' statements, which could be a direction for future
research.

4. CONCLUSION

This research successfully analyzed the sentiment and narrative dynamics of PPRT Bill news coverage in
three prominent online media outlets in Indonesia over two decades (2004-2024) using Text Mining and Lexicon-
Based Sentiment Analysis. The main findings indicate that positive sentiment dominates the news coverage
(58.19%), signifying strong media support for this bill. Significant sentiment fluctuations were observed along with
political developments, with a peak in negative sentiment in 2019 and a surge in positive sentiment in 2023,
reflecting media responses to legislative stagnation and progress. Differences in sentiment patterns across media
also highlight the unique role of each outlet in framing this issue. Methodologically, this study contributes a
reproducible computational framework that integrates TF-IDF weighting with a discourse-specific sentiment
lexicon to enable large-scale, longitudinal sentiment mapping of public policy discourse in the Indonesian
language context.

The methodological contribution of this study lies in the adaptation and application of Lexicon-Based
Sentiment Analysis tailored for the Indonesian language context in analyzing complex and long-term socio-
political 1ssues. This framework allows automated, scalable, and consistent quantification of narrative dynamics
across heterogeneous media sources over extended time periods, enabling the identification of diachronic
sentiment patterns that are difficult to capture with manual methods. However, this research also has limitations,
including the inherent challenges in capturing language sentiment nuances and the corpus's restriction to specific
online media.

For future research, it is recommended to expand the data corpus by including more media sources,
mcluding social media, and to integrate machine learning-based sentiment analysis methods for validation and
comparison. Topic modeling could also be performed to identify more specific narrative themes over time. Thus,
a more holistic understanding of the PPRT Bill public discourse can be achieved.
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